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Research Question

Can a trained Machine Learning Algorithm be applied to Sentinel 2 data to provide more efficient high accuracy cloud removal?

*Perform accuracy assessment & quantitative

Cloud cover in satellite imagery can lead to inaccuracies and errors Can this process be packaged into a standalone open source plugin for QGIS? comparison on ML outout
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*Further refinement of ML
Include atmospheric correction
*More training points for shadow layer
*Train for cloud/shadow detection on fall/spring
imagery
*QGIS Plugin
« Enhance user interface
 Allow for multithread processing in the QGIS

Fmask is a commonly used method for cloud removal and has been
available since 2012, it may not be suitable for more detailed work,
particularly in forested regions of Maine. Therefore, there is a need for
new and improved methods that can accurately remove clouds and
facilitate analysis of satellite imagery in diverse geographic contexts.
This project began in the summer of 2022 to address this issue. During
that time researchers from MCC and Umaine collaborated toward the
goal of training a ML algorithm (XGBoost) to detect cloud and shadow
pixels in satellite imagery acquired from Sentinel-2.
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